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Social relationships provide critical access to support that enhances a person’s quality of life (QoL)
and protects against and reduces adverse physical and mental health outcomes. The current study
examined aspects of negative social exchange and social capital to determine their impact on
different facets of a person’s functioning and satisfaction with different domains of life. A cross-
sectional egocentric social network survey design was used to examine the connection between
negative social exchange and a person’s self-rated QoL among a crowdsourced sample between the
ages of 18 and 59 (N = 289). Hierarchical multiple regression findings indicated that the intensity and
duration of negative social exchange were negatively associated with physical (-.23, p < .001; —.15, p
=.004), psychological (-.18, p =.010, —.22, p < .001), and environmental (-.22, p < .001; -.12, p = .028)
QoL. Conversely, support network size and trust were positively related to a person’s physical (.14, p =
.011; .24, p < .001), psychological (.25, p < .001; .24, p < .001), and environmental (.25, p < .001, .14, p =
.006) QoL. Overall, positive and negative aspects of one’s relationships play a critical role in
understanding different facets of QoL.

Keywords: egocentric networks; negative social exchange; quality of life; social capital; social
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The shared challenges and successes experienced in the context of one's social relationships shape a
person's development across their life course (Antonucci et al., 2014). What were once considered
only determinants of a person’s health are now understood to be indicators of social wellness and
play an important role in tripartite models of health (Doyle & Link, 2024). For example, social capital,
reflective of a person’s social networks, provides access to important resources (e.g., instrumental
support) that help protect against and/or assist in managing the effects of harmful life events (e.g.,
job loss; Flores et al., 2018). Despite its importance, scholars have noted a general decline in social
capital in the United States, eliciting concerns about the potential loss of critical social resources
embedded in US communities (Paxton, 1999; Putnam, 2000) that may serve as important social
safety nets.

Despite the belief that resources provided by social relationships are the antidote to stressful
experiences, research suggests that negative interaction (i.e., negative social exchange)
disproportionately affects a person’s health and well-being (Rook & Charles, 2017). Social
relationships are not uniformly positive (Rook, 2015) and may be associated with stressful
experiences that adversely affect a person’s quality of life (Gao et al., 2018). Higher levels of negative
social exchange are associated with greater psychological distress (Newsom et al., 2003) and poor
health outcomes (Rook, 1984, 2015). While one negative relationship may be problematic, multiple
interconnected negative relationships may create adverse social forces through one’s networks that
substantially impact a person’s QoL (Rini et al., 2016). Therefore, social relationships are potentially
important determinants of a person’s health (Moore & Kawachi, 2017) and quality of life (Gao et al.,
2018). However, few studies have incorporated positive and negative facets of a person’s social
relationships in their examinations of QoL to understand the role of each in shaping aspects of a
person’s life satisfaction (e.g., physical, psychological, social, and environmental QoL) or sufficiently
leveraged social network approaches related to negative social exchange.

The purpose of the current study was to examine the relationship between positive (i.e., social
capital) and negative (i.e., negative social exchange) aspects of a person’s social relationships in the
physical, psychological, environmental, and social domains of their life. More specifically, the study
sought to leverage an egocentric social network approach in gathering information on negative social
exchange to understand the associations between the intensity, frequency, and duration of negative
interaction and a person's physical, psychological, social, and environmental quality of life (QoL).
Understanding how positive and negative aspects of social relationships jointly influence a person’s
satisfaction with various domains of life helps in further describing the complex role relationships
play in driving more subjective indicators of wellness.

LITERATURE REVIEW
Quality of life

QoL has been identified as an important outcome measure in medical and psychological interventions
(Brzoska, 2020) and is often considered the missing measure of health (Fallowfield, 1990). The World
Health Organization (1996) defines quality of life (QoL) as a person's perception "of their position in
life in the context of the culture and value system in which they live and in relation to their goals,
expectations, standards, and concerns" (World Health Organization [WHO], 1996, p. 5). Four
prominent domains have emerged as areas relevant to one's subjective perceptions of QoL —physical,
psychological, social relationships, and environmental (WHO, 1998). Differences in these domains
have differentiated between healthy and unhealthy populations (e.g., the number of chronic
conditions; Skevington et al., 2004) and have been used to identify potential health disparities
(Brzoska, 2020). QoL has been strongly connected to a person’s physical health, which often worsens
as a person ages. Therefore, the focus of a substantial amount of research associated with QoL
examines the experiences of older rather than emerging and mature (i.e., middle adults) adults.
However, research indicates that emerging and mature adults may experience significant mental
health problems (Arnett, 2014; Stroud, 2013; Walker et al., 2015) that result in disability or morality
(Crosnoe & Thorpe, 2022; Umberson & Montez, 2010), suggesting that some may not make it into
older adulthood. Therefore, understanding factors associated with higher quality of life among
emerging and mature adults may help identify potential targets for change.

Personal Social Capital

Public health, social epidemiology, and health-focused professionals (e.g., sociology, health

psychology, and social work) have drawn connections between various aspects of social relationships
and health (Smith & Christakis, 2008; Umberson & Montez, 2010). Despite its importance, few studies
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have examined the association between personal social capital and quality of life among young and
middle-aged adults. The networks formed by a person’s social relationships provide additional
promise by recognising who and how people are connected across different life domains (Moore &
Kawachi, 2017). Social capital represents aggregated resources embedded in a person’s durable
network of relationships (Bourdieu, 1986). Network, cognitive, and social cohesion approaches
provide overlapping descriptions of how social relationships provide access to these resources (e.g.,
informational support; Santos & Relojo-Howell, 2020). Network approaches have emphasised the
structural (i.e., number of people) and compositional (e.g., racial) characteristics of a person’s social
networks, which provide information about relationships beyond a single person (Duh-Leong et al.,
2020). Cognitive social capital measures the trust and reciprocity associated with a person’s
relationships, with trust demonstrating a complex relationship with health (Archuleta et al., 2020;
Villalonga-Olives & Kawachi, 2017). Social cohesion approaches also include trust but focus on the
context of a person’s community — evaluating one’s social bonds, understanding norms of
reciprocity, and civic participation (Kawachi & Berkman, 2014).

While social capital has been connected to health in the United States, less research has been
dedicated to understanding its impact on broader outcomes like a person’s quality of life. Almost
uniformly, higher levels of social capital have been associated with a better quality of life across
different countries and cultures (Murgas et al., 2022; Sarkiunaite et al., 2012). For example, among a
sample of older adults in India, Himanshu and colleagues (2019) found that different indicators of
social capital (e.g., trust and solidarity, civic engagement, and frequency of interaction) were
associated with higher QoL and other subjective health indicators. Nevertheless, other studies have
found that social capital may be associated with a person’s psychological QoL but unrelated to their
physical QoL (Gao et al., 2018), suggesting a more conditional relationship. Despite its potential role
in health promotion and longevity, declining levels of social capital in the United States have been
observed for some time (Putnam, 2000), with many suggesting a possible crisis in US communities
potentially associated with such deficits (Aldrich & Meyer, 2015; Paxton, 1999). Moreover, evidence
suggests that social capital may be more critical in promoting quality of life in lower rather than in
higher-income countries (Arachchi & Managi, 2023), eliciting questions about whether social capital
remains a robust factor in determining a person’s quality of life in the US.

Negative social exchange

Social facets of health are not uniformly positive, and negative interactions may adversely affect a
person’s health (Antonucci et al., 2014; Umberson & Montez, 2010; Villalonga-Olives & Kawachi,
2017). Negative social exchange reflects interpersonal stressors (Krause & Rook, 2003) involving
violations of relationship norms in ways that are insensitive, demanding, or intrusive (Rook &
Charles, 2017). Harmful forms of social exchange are associated with increased distress, less effective
coping, reduced feelings of self-worth, and a decline in beneficial health practices that impact a
person's well-being (Rook, 1984, 2015). While negative social exchange may occur less frequently, its
influence may exceed the benefits of positive interactions (Rook, 2015) and may not be mitigated by
social support (Rini et al., 2016). Stress process models provide a helpful context for understanding
the physical and mental health outcomes associated with social exchange (Newsom et al., 2005).
Stress reflects a person's appraisal of an event, experience, or disruption as taxing and exceeding
their ability to cope (Lazarus & Folkman, 1984). Like stress, the intensity and duration of negative
social exchange uniquely contribute to experiences with perceived stress (Archuleta et al., 2024).

A person’s resources to cope with negative social exchange are meaningful (Sorkin & Rook, 2006), as
it may erode the benefits of relationships in ways that influence a person’s affective states (Newsom
et al., 2003) and their quality of life (QoL). Evidence suggests that negative social exchange may
adversely affect a person’s social QoL by altering the effectiveness of supportive networks (Sorkin &
Rook, 2006). However, the effects of negative relationships on other domains of QoL have not been
sufficiently explored. Therefore, additional work is required to understand whether negative
relationships adversely affect a person’s physical, psychological, and environmental QoL as it has
social QoL.

The current study examines several hypotheses related to negative social exchange and QoL. It was
anticipated that higher intensity, frequency, and longer duration of negative social exchange would
be negatively associated with a person’s physical, psychological, social, and environmental QoL.
Additionally, it was hypothesised that greater support network size, general trust, and understanding
of the norms in one's environment would be positively associated with all QoL domains.
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METHOD

A cross-sectional egocentric social network design was used to gather data measuring respondents'
experiences with negative social exchange. Additionally, demographic information (i.e., age, gender,
and income level) and quality of life measures were gathered. All data were gathered using an
electronic survey through Qualtrics XM®. Egocentric network questions can be integrated with
standardised instruments and administered through traditional survey implementation (McCarty et
al., 2019; Perry et al., 2018), allowing for evidence-informed practices. The Tailor Design Method uses
social exchange theory and evidence-based survey practices to enhance participant recruitment and
retention during survey completion (Dillman et al., 2014). The Tailor Design Method (Dillman et al.,
2014) was used in the construction of the survey (e.g., ordering of questions and consideration of the
cognitive flow of content) and the development of recruitment materials.

In the current study, respondents between the ages of 18 and 59 who resided in the United States (N =
289) were recruited through Prolific®, a crowdsourced data collection company. Prolific® recruits
participants from across the United States, increasing the likelihood of a diverse sample. Using
different filters developed from demographic data, Prolific® allows researchers to recruit
participants into their study based on the study’s inclusion criteria. A link to an electronic survey is
provided to Prolific®, which distributes the recruiting message with the survey link to its members
through an organisation-provided email account. The first to respond to the request are included in
the study. Prolific® monitors completion and identifies respondents with substantial completion
times (e.g., associated with a failed connection), which are automatically removed. Crowdsourced
studies are often plagued by different sources of bias, such as retention issues, poor data quality, and
the use of bots to complete study tasks (Huang et al., 2024; Webb & Tangney, 2022), which
undermine the quality and reliability of study findings. However, Prolific® uses extensive
registration processes that require different methods for identity verification (e.g., valid ID) and
recruits individuals specifically for research purposes. These efforts prevent people from creating
multiple accounts and better align tasks with expectations to improve retention (e.g., respondents are
made fully aware of the tasks prior to consenting). Additionally, Prolific employs state-of-the-art
software to identify bots and participants who are not appropriately participating (e.g., single
responses throughout the entire survey).

Crowdsourced samples from some platforms are often saturated with professional survey takers (i.e.,
individuals who spend significant amounts of time completing surveys). Prolific makes efforts to
recruit “naive participants”, or those who have not participated in substantial amounts of research.
Samples recruited through crowdsourced methods are more representative of the general population
compared to student-based samples (Follmer et al., 2017; Palan & Schitter, 2018). These safeguards
help improve the data quality and limit potential biases associated with typical crowdsourced studies.
Using G-Power (Faul et al., 2007), three hundred was calculated as a sample size capable of
generating the needed power (i.e., .80) to identify a moderately small effect size (.025) for a single
regression coefficient. However, 11 cases were removed from analyses following listwise deletion,
resulting in a final sample size of N = 289. Respondents were compensated based on a floor rate
established by Prolific®, which seeks to promote minimum compensation for research participants.
All procedures were approved by the university’s institutional review board.

Measures

Quality of life

The WHOQOL-BREF (WHO, 1996) is a shortened version of the WHOQOL-100, which is a cross-
culturally validated measure of quality of life (Skevington et al., 2004). The WHOQOL-BREF measures
subjective aspects of a person's health in physical, psychological, social, and environmental domains
(WHO, 1996). Items in the physical domain measure a person's ability to complete activities of daily
living, the extent to which they rely on medical aids, limitations in mobility, energy and fatigue, level
of pain, quality of rest and sleep, and work capacity (WHO, 1998). Psychological QoL emphasises a
person's positive and negative feelings, self-esteem, body image, and ability to concentrate and is the
most clearly connected to feelings of depression and anxiety (WHO, 1996, 1998). The social domain
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asks about a person’s satisfaction with their social relationships, social support received, and sex life,
while the environmental domain explores a person’s satisfaction with financial resources, safety,
access to healthcare, and home environment. Response options for the WHOQOL -BREF range from 1
to 5, with response anchors varying based on the question. Scores were converted to a 100-point scale
to facilitate interpretation. Scores less than 60 often indicate poorly perceived health (Gondodiputro
et al., 2018). The WHOQOL-BREF has demonstrated adequate reliability, factor structure, and validity
for the current sample (Archuleta et al., 2020).

Egocentric social network measures

Egocentric social network methods use several interconnected questions that establish the structure
(e.g., size) and composition (e.g., closeness) of a person’s social networks (McCarty et al., 2019). First,
a name generator question asks respondents to list people related to a specific prompt (Perry et al.,
2018). In the current study, respondents were asked to identify people in their lives who had been
sources of stress within the last month. The name generator helps establish the structure of a
person's social network (e.g., size) based on the number of individuals listed. Several follow-up
questions (i.e., name interpreters) are asked for each person named in the name generator, which
provides information about the composition or qualities of a person’s networks (McCarty et al., 2019).
Follow-up questions often include demographic information about the listed person. However,
questions also inquire about qualities associated with their relationships (e.g., intensity, duration,
and frequency of stress).

The same name interpreter question asked across respondents can be summed or mean-scored (i.e.,
for ordinal or interval data) to create a compositional variable representing some facet of a person’s
network (Borgatti et al., 2013). While both measures reflect the composition of a person’s network,
each provides a slightly different perspective on the network characteristics examined. For example,
summed measures coincide heavily with network size, which is often more representative of the
network’s structure rather than composition. Using a summative measure, people with larger
networks will automatically have more of a particular network quality or characteristics, which may
or may not be accurate. Averaged or mean-scored compositional measures are driven less by network
size and explore whether the report of the overall value of a quality, regardless of network size,
meaningfully impacts an outcome. For example, a person may report conflict in their relationship
with one person as a five (one member), while someone else might report three relationships, each
with a conflict level of two. While the single relationship may be more problematic, in this instance, a
summed approach would assume that having more members equates to greater conflict. While each is
important, adequate structural measures require a robust examination of the number of members in
the network. Purely compositional measures have often consisted of three to five respondents and
have often been used in large-scale studies, such as the General Social Service Survey as part of the
U.S. Census (National Opinion Center, 1985). Additionally, because certain network measures are
sensitive to the inclusion of other network variables associated with network size (Borgatti et al.,
2013), the current study sought to use mean-scored measures to further differentiate between the
structural and compositional characteristics of a person’s network.
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Negative social exchange

The intensity of negative interaction has been used to represent negative social exchange in previous
research (Archuleta et al., 2024). A negative social exchange intensity variable was developed using
the name interpreter question, ""Overall, how would you rate the intensity of stress caused by your
relationship with [Person’s Name]?" Response options ranged from 1 (no stress) to 5 (extreme
stress), which were summed and mean scored across listed network members. The piped text
function (i.e., pulling from the response in one question to create another) in Qualtrics XM® was used
to ensure continuity between the names listed in the name generator and the follow-up questions
asked in the name interpreters. Similar to intensity, frequency and duration measures were developed
using two additional name interpreter questions. Respondents were asked, "How often have you
experienced stress in your relationship with [person’s name]?" Response options ranged from 1
(never) to 5 (always) and were summed and then mean-scored across identified network members.
The duration of negative social exchange was measured in reference to a specific stressor associated
with the question, "What is the biggest source of stress in your relationship with [person’s name]?" A
follow-up question asked, ""How long has [stressor reported] been a source of stress between you and
[person’s name]?" Which was used to develop a measure of duration. Response options ranged from 1
(1 day) to 8 (longer than a year), which was also summed across network members and mean scored.
Higher mean scores are associated with greater intensity of stress, higher frequency of negative
interaction, and longer stressor duration.

Social capital

Several items were used to measure respondents' personal social capital. To measure network size,
respondents were asked, "Overall, how many people could you call if you needed help with something
(e.g., needed someone to talk to, needed help moving, or needed a ride somewhere)?" Response
options ranged from 1 (0) to 7 (more than 5 people). In addition to support network size, respondents
were also asked about their general level of trust (i.e., Overall, most people can be trusted). Response
options ranged from 1 (strongly disagree) to 5 (strongly agree). Lastly, to measure a person's
understanding of their social environment, respondents were asked, "I understand my social
environment (e.g., the norms and ways)." Response options ranged from 1 = (strongly disagree) to 5
(strongly agree).

Analytic plan

Initially, univariate analyses were used to explore the means of negative social exchange intensity,
frequency, and duration along with social capital variables (e.g., trust, norms, and support network
size) in the context of QoL. Hypotheses were tested using bivariate and hierarchical multiple
regression (HMR) analyses. Pearson correlations were used to examine initial relationships between
study variables and assess for multicollinearity. HMR can be used to examine the amount of variance
explained by sets of variables entered at different stages of the model, which helps in determining the
amount of variance explained by sets of variables (Jaccard & Turrisi, 2003). Measures developed using
egocentric data can be incorporated into typical forms of analysis and are appropriate for multiple
regression if analysis occurs at the individual rather than network level (Borgatti et al., 2013). In the
current study, analyses were completed at the ego level rather than the alter level.

Demographic, negative social exchange, and social capital variables (e.g., stress intensity and major
stressor duration) were regressed onto each QoL domain. Demographics were entered as controls,
followed by negative social exchange variables. Social capital variables were entered last because of
their potential to mediate stressful experiences, which would be noted by their attenuated strength in
subsequent models (see Mirowsky, 2013). Tolerance and VIF values were used to assess for
multicollinearity, given the potential similarity in negative social exchange and social capital
variables. In the current study, tolerance ranged between .49 and .95, while VIF ranged from 1.06 and
2.03 for all variables across all regression analyses, indicating low levels of collinearity.
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RESULTS

Descriptively, negative social exchange intensity, frequency, and duration revealed a consistent
pattern across low, medium, and high levels of QoL. Figure 1 provides a chart of study variable means
by low, medium, and high levels of QoL across all domains. Consistently, lower QoL descriptively
appeared associated with high stress intensity, duration, and frequency across all domains (i.e.,
social, physical, psychological, and environmental QoL). Additionally, higher QoL appeared
consistently associated with greater social capital qualities, suggesting that higher social capital
enhances a person’s life satisfaction and quality.

Figure 1
Means for NSE intensity, frequency, and duration along with indicators of social capital by QoL domain.
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Table 1
Pearson's correlations between study variables (N = 289)

1 2 3 4 5 6 7 8 9 10 11
1. Age 1
2. tNSE Intensity .05 1
3.  tNSE Frequency .02 68*** 1
4.  TNSE Duration 24** .30** 35xk* 1
5. Support Network Size -.09 —.18%* —21%** —-.08 1
6. General Trust .05 -.12% —.15%* -11%* 24%** 1
7. Understanding Norms .06 -.08 -.06 -.03 16** J12* 1
8. Social QOL -.01 —.20%** —21%** —17** ATEFE L25%** 1% 1
9. Physical QOL -.02 —.32%** —27*** —.24*** 31EFE 36%** 23F*FE 36%** 1
10. Psychological QOL 1% —.34%** —.30%** —.32%*x* 3T7HE* 37HEX 19X ** Y Rk TO*** 1
11. Environment QOL .02 —.35%** —23%*x* —.29%*x* Q2Xx* 30 ** 18** 38 ** B3¥F* NV Skl 1
M 31.75 3.29 3.44 6.51 4,52 3.06 4.03 53.26 48.77 63.34 59.69
SD 10.55 1.04 1.50 2.00 1.77 1.00 .80 23.15 21.65 21.62 19.21

p <.05%; p <.01**; p <.001***; tNegative Social Exchange (NSE)



Psychreg Journal of Psychology - Volume 9 - Issue 1 - 2025
Adrian J. Archuleta & Mona A. Dajani

Table 1 provides the means, standard deviations, and correlations between study variables. The
average age of respondents was 31.75 (SD = 10.55). The majority of the sample was female (52%),
single (47%), identified as white (69%), reported having a bachelor's degree (29.8%), and had
household incomes between $20,000 and $59,999 (46.6%). Archuleta et al. (2020) provides more
detailed information regarding the demographic composition of the current sample. Respondents
reported on 859 stress-evoking relationships, with an average of 2.84 (SD = 1.13) people in a person's
negative social exchange networks. Forty-two percent of respondents reported that at least one
identified member knew another reported member. The mean intensity and frequency of negative
social exchange suggest that some stress is associated with these relationships. Additionally, the
average duration of the primary stressor reported in the relationship occurred over several months.
The mean physical, psychological, social, and environmental measures of QoL were below normative
estimates. Lastly, respondents reported an average of four individuals that they could contact if they
needed help, reported ambivalent levels of general trust, and had a moderate understanding of their
social environment.

Correlations

Table 1 provides Pearson's correlations between study variables. Higher levels of negative social
exchange (i.e., stress intensity, duration, and frequency) were associated with lower QoL. The overall
intensity of stress associated with these relationships was moderately related to the frequency of
negative interaction (r = .68, p < .001) experienced and weakly related to the duration (r = .30, p <.001)
of the most significant source of stress in the relationship. Intensity (r = —.20 p < .001), duration (r =
—-.17, p = .002), and frequency (r = —.21, p < .001) demonstrated the weakest relationship with social
QoL but produced comparable correlations across physical (r = —.32, p <.001;r = —.27,p <.001; I = —
.24, p < .001), psychological (r = —.34, p < .001) (r = —.30, p < .001) (r = -.32, p < .001), and
environmental (r = -.35, p < .001) (r = -.23, p < .001; r = -.29, p <.001 ) domains. Social capital
variables were positively correlated with QoL domains (p < .001). Only general trust was negatively
associated with all three aspects of negative social exchange (i.e., intensity r = —.12, p = .002,
frequency r = —.15, p = .004, and duration r = —.11, p =.034). However, support network size was more
strongly associated with the intensity (r = —.18, p = .001) and frequency (r = —.21, p < .001).
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Table 2
The final hierarchical multiple regression models regressed negative social exchange and social capital on QoL domains (N =289).

Social Physical Psychological Environmental
B SE B SE B SE B SE
Age .05 12 -.02 11 16** .10 .03 .09
Gender .07 2.47 -.03 2.19 -.01 2.14 .05 .05
Low Income -.01 3.13 —22%%* 2.78 -.10 2.71 —.33%%x* 2.39
Moderate Income -.01 2.88 -.13* 2.56 -.05 2.50 =20 %%* 2.20
Negative Social Exchange
Intensity -.07 2.39 —.23%** 2.12 —.18** 2.07 —22%** 1.83
Frequency -.02 2.50 .07 2.22 -.02 2.17 .00 1.91
Duration —.13* .89 —.15%* .79 —22%** 77 -.12* .68
Social Capital
Support Network Size N Rl .74 14%* .65 Q5% .64 L25%** .56
General Trust .10 1.26 24X %% 1.12 24 %% 1.09 14%* .96
Understanding Norms -.01 1.52 13* 1.35 .08 1.32 .09 1.16
R 25 31 37 38

* p <.05; **p <.01; ***p <.001
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Hierarchical Multiple Regression Analyses
Social QoL

An initial hierarchical regression model examined the relationships between demographics variables
and social QoL, which was not statistically significant, F (4, 289) = 1.65, p = .161. Negative social
exchange variables were entered in the second model and explained 8% of the variance, F (7, 282) =
3.52, p = .001. Of the negative social exchange variables entered, only duration (p = .023) was
statistically significant, with greater duration negatively associated with social QoL. Social capital
variables were entered into the final model, which appears in Table 2. The final model explained 25%
of the variance in social QoL, F (10, 279) = 9.33, p < .001. Having a larger social support network (p <
.001) was positively associated with a person’s satisfaction with their social relationships, which is
likely associated with increased access to needed resources.

Physical QoL

In the initial model, demographic variables accounted for 11% of the variance in physical QoL, F (4,
289) = 8.39, p < .001. Individuals with lower (p < .001) and moderately low income (p = .007) reported
poorer physical QoL when compared to those in the highest-income group. Negative social exchange
variables were entered in the second model. Collectively, variables explained 20% of the variance in
physical QoL, F (7, 282) = 10.23, p < .001. Higher negative social exchange intensity (p < .001) and
longer duration (p = .004) were associated with poorer perceptions of physical QoL. Lower (p < .001)
and moderate (p = .012) income remained negatively related to respondents’ physical QoL. The final
model accounted for 31% of the variance in physical QoL, F (10, 289) = 12.63, p < .001. Having a larger
support network (p = .011), greater general trust (p < .001), and understanding norms in one’s social
environment (p = .013) were positively associated with physical QoL. Differences in physical QoL
between high and low (p = .018) and moderate (p < .001) income groups remained.

Psychological QoL

In the initial model, demographic variables explained 7% of the variance in psychological QoL, F (4,
289) = 5.49, p <.001. Respondents in the lowest income group (p = .001) reported worse psychological
QoL compared to those in the highest income group. Demographic and negative social exchange
variables were entered in the second model, explaining 22% of the variance in psychological QoL, F
(7, 282) = 11.43, p < .001. Intensity (p = .010) and duration (p < .001) were negatively related to
psychological QoL. After controlling for negative social exchange, age was statistically significant (p =
.008), indicating that increases in age were associated with better psychological QoL. Lower income
(p < .001) remained statistically significant in the second model. Social capital variables were entered
into the final model, which appears in Table 2. The overall model explained 42% of the variance in
psychological QoL, F (10, 289) = 16.11, p < .001. Of social capital variables, having a larger support
network (p < .001) and higher general trust (p < .001) were associated with greater psychological QoL.
Age (p = .002) remained positively related, while intensity (p = .007) and duration (p < .001) remained
negatively related to psychological QoL.

Environmental QoL

Demographic variables in the initial model explained 18% of the variance in environmental QoL, F (4,
285) = 15.25, p < .001. Respondents with low (p < .001) and moderately low (p < .001) income reported
lower satisfaction with their environment compared to those in the highest income group.
Demographic and negative social exchange variables were entered in the second model, which
explained 28% of the variance in environmental QoL, F (10, 279) = 15.85, p < .001. Higher negative
social exchange intensity (p < .001) and longer duration (p =.028) were associated with lower
environmental QoL. Lastly, social capital variables were entered into the final model. The overall
model explained 38% of the variance, F (10, 279) = 17.33, p < .001. Support network size (p < .001) and
general trust (p = .006) were positively related to environmental QoL. Negative social exchange
intensity (p < .001) and duration (p = .031) remained statistically significant and were minimally
affected by the entry of social capital variables.
DISCUSSION

This study sought to understand how negative social exchange and social capital related to adults'
physical, psychological, social, and environmental quality of life (QoL). Several studies have
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documented the impact of negative social exchange on older adults’ well-being (Newsom et al., 2005;
Rook, 2015). The current study sought to broaden the available evidence by focusing on young and
mature adults. Overall, findings from the current study suggest that the intensity and duration of
negative social exchange relate to a person’s physical, psychological, and environmental QoL. Social
capital demonstrated the strongest association with a person’s satisfaction with social relationships
(i.e., social QoL) and the most robust positive relationship with physical QoL.

In the current study, income was consistently related to a person’s physical and environmental QoL.
Individuals in highly developed countries report higher physical and environmental quality of life
compared to those in less developed countries (Skevington, 2010), where income is likely associated
with greater access to resources. Some initial differences in QoL were observed between income
groups, which were reduced following the entry of social capital variables. Income is tied to
experiences with social capital, with some suggesting that social capital may aid individuals in
instances when they lack or are seeking financial means (Abbott & Reilly, 2019). In the current study,
the lower overall range of income reported by the respondents suggests that differences in income
may not be associated with the full range of potential benefits associated with a higher income. This
may elevate the importance of social capital. While bivariate analyses revealed a consistent
relationship between negative social exchange and QoL, multiple regression analyses indicated that
the strength of the association depended on the area of QoL examined.

Despite incorporating social relationships, social QoL was not related to negative social exchange
intensity, frequency, or duration. This finding runs counter to other studies that have found a
negative association between the support people receive from their relationships and the negative
orientation of their networks (Newsom et al., 2005; Rini et al., 2016). However, these studies used
standardised measures, asking broadly about a person’s experiences with social exchange rather than
focusing on specific relationships. The specificity of those relationships measured in the current
study may play a role in the lack of association with Social QoL.

Negative social exchange largely occurs within close relationships that may provide some benefit
while also being a source of stress (Archuleta et al., 2024; Brooks & Dunkel Schetter, 2011). Therefore,
further work is required to understand why social QoL remained robust or was inoculated against the
effects of negative social exchange.

Conversely, negative social exchange intensity and duration consistently demonstrated a negative
relationship to physical QoL. Negative social exchange likely influences physical QoL in two ways.
First, many of the physical symptoms associated with lower QoL may be associated with conflict and
stress experienced in social relationships. For example, stress maintains a bidirectional relationship
with sleep, with higher stress levels indicative of poorer sleep quality (Lee et al., 2013). Additionally,
stress has been connected to increased fatigue levels (Kalmakis et al., 2021) and a reduced ability to
work (Goedhard & Goedhard, 2005). Second, physical QoL items ask about physical conditions or the
need for assistance that would benefit from access to relationships. For example, issues associated
with one’s mobility and activities of daily living can be improved with assistance from someone if a
person has physical impairments that restrict them from engaging in these activities. Conflict with
friends, family, or primary providers of support may be associated with fewer resources, resulting in
lower physical QoL.

In the current study, the intensity of negative social exchange was significantly related to a person’s
psychological QoL after controlling for social capital. Research supports the association between
lower psychological health and negative social exchange (Newsom et al., 2005). The emergence of
social capital as a predictor of psychological QoL underscores the importance of social relationships
in alleviating mental health symptoms and contributing to positive psychological health. Social
capital provides important protection against psychological distress and provides access to needed
resources that improve mental health (Chen et al., 2018). Individuals with lower social capital may be
more vulnerable to negative social exchange, as they may not have the resources needed to manage
negative social interactions with others.

Similar to physical QoL, negative social exchange intensity and duration were related to a person’s
environmental quality of life. Interpersonal difficulties can be chronic sources of stress that create
toxic social spaces and require constant vigilance and coping (Krause & Rook, 2003). These negative
relationships may be situated across a person’s social networks in ways that interfere with positive
social exchange and block access to valuable sources of support.
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While the role of social support in promoting health and mitigating stress is well documented, the
current study contributes an important finding to the social capital and support literature. Of all
social capital variables, the size of a person's support network demonstrated the most robust
relationship with quality of life. This finding runs counter to other studies examining QoL and social
capital. Gao and colleagues (2018) found that larger social networks did not improve the likelihood of
a higher quality of physical or psychological QoL. However, larger social networks convey several
benefits (Moore & Kawachi, 2017). For example, a larger support network often diversifies the
resources a person has available and provides some flexibility in managing stressful experiences (Rini
et al., 2016). Additionally, large social networks often provide access to important information (e.g.,
employment opportunities) and potential resources (e.g., a recommendation for employment) that
enhance a person’s QoL (Lin et al., 1999). Despite social capital’s noted importance in managing
distress, the entry of social capital variables only modestly changed the magnitude of the relationship
between negative social exchange and QoL. While social capital may enhance a person’s health and
protect against negative health outcomes, it may be less effective in protecting against the harmful
effects of stressors borne of social relationships.

The current study highlights the importance of interventions to consider the duality of social
relationships, whose complex association with different facets of QoL accentuates the importance of
considering how positive and negative elements collectively influence people’s life satisfaction.
Moreover, the magnitude of the association between these variables and QoL suggests that neither
should be elevated in importance over the other. Previous research has shown that relationships that
are the source of negative social exchange are built on qualities similar to supportive relationships
(Archuleta & Nuilez, 2023), suggesting that reductions in stress intensity and duration may provide a
pathway to improve such relationships across one’s network (e.g., building on the qualities of trust,
close, and support) while enhancing a person’s QoL. Lower stress is associated with a lower risk of
mortality (Fredman et al., 2010). Therefore, meaningful efforts to reduce stress may improve the
longevity of one’s life, particularly when sources of stress are entangled with social relationships, a
known resource that is important across a person’s life course.

Interventions that emphasise comprehensive evaluations of relationships should be advanced
(Archuleta et al., 2024). For example, interventions based on interpersonal therapy have been shown
to be particularly useful in reducing poor mental health outcomes (e.g., depression; Cuijpers et al.,
2011) that adversely affect a person’s QoL. Interpersonal therapeutic approaches use a comprehensive
relationship inventory that helps identify sources of conflict and highlight central figures in a
person’s social network that may provide critical support or a potential target for change that reduces
stress intensity (Archuleta et al., 2024). Moreover, the similarities between egocentric measures for
collecting data and the relationship inventory provide an opportunity to continue to inform practice
with evidence from social network studies. While interpersonal therapy surveys the breadth of
relevant relationships, it does not conceptualise relationships as networks that could be the focus of
change. This opens existing possibilities in interpersonal therapy by broadening interventions that
incorporate multilevel approaches addressing the social environment (i.e., social network) and the
person (i.e., individual therapeutic approach).

Several limitations should be considered. First, the current study is cross-sectional, and
generalisability to other populations is limited. Additionally, people's social networks change over
time, and individuals may end relationships with people associated with substantial stress.
Longitudinal studies are needed to better understand whether these relationships improve or are
removed from a person’s social networks. Second, the sample was drawn from a crowdsourced
population. While all studies may suffer from selection bias, crowdsourced populations seek out
opportunities on crowdsourced platforms and often require a particular level of continued
engagement. Therefore, the current sample differs from the general population or community-based
convenience samples and further limits the generalizability of these findings. For example, the
incomes reported by the sample were lower and did not reflect the full range of incomes represented
in the United States. Therefore, the role of variables like social capital may vary in other studies where
income strata are more sufficiently represented. The current measures of social capital are limited,
potentially affecting the accuracy or the depth with which the construct is measured. Therefore, more
robust measures of social capital may reveal stronger or weaker associations than reported in the
current study. More extensive measures should be included in future studies to further discern the
extent to which a person’s social networks and associated resources affect people’s QoL.
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CONCLUSION

Negative social exchange provides an additional pathway for considering how stress is connected to a
person’s physical, psychological, and environmental quality of life. The current study expands on
previous work examining negative social exchange by illuminating the role of intensity, frequency,
and duration associated with negative relationships and the differing role each plays in attenuating
QoL. Findings from the current study advance the field by using methods that explore how a person's
social networks and elements related to their composition contribute to a person’s quality of life.
Additionally, egocentric social networks provide a novel approach to exploring how relationships
contribute to different facets of a person’s physical and mental health. Future research should
consider how negative life events and other associated stressors serve as important antecedents and
outcomes of negative social exchange to determine the most salient factors in forming and
maintaining networks of negative relationships.

The data that support the findings of this study are available from the corresponding author upon
reasonable request and in accordance with the data-sharing guidelines associated with the
university’s institutional review board.
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